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For issues receiving heightened media attention 
(e.g., natural disasters or social movements), charitable 
crowdfunding platforms offer an opportunity to 
generate donations. However, since media attention is 
typically short-lived, little is known about the long-term 
impact of temporary attention spikes on donation 
behavior for different types of crowdfunding campaigns. 
To address this gap, we examine how the Black Lives 
Matter movement and the associated social protest cycle 
after the death of George Floyd have influenced 
fundraising behavior for campaigns supporting the 
black community. By applying a differences-in-
differences approach on a GoFundMe dataset, we find 
that campaigns with a personal funding goal only see an 
increase in donations for about three months, compared 
with over ten months for campaigns with a societal 
funding goal. If charitable crowdfunding platforms aim 
to help personal concerns, they need to signpost donors 
to such campaigns well beyond the temporal spike in the 
associated media attention. 
1. Introduction
Donation-based crowdfunding platforms such as
GoFundMe allow to set up campaigns in a matter of 
seconds and thus raise funds easily and without 
bureaucracy. GoFundMe, a U.S. (for-profit) company 
that brokers donations through an Internet platform, 
hosts a wide range of appeals for causes ranging from 
environmental and societal issues, to individual 
problems [1].  
In recent years, donation campaigns on 
crowdfunding platforms have also started to spring up 
on controversial issues and social movements that have 
made the headlines. This reflects the growing awareness 
of social inequalities and discrimination, which 
disproportionately affects underrepresented groups, 
such as the black community or women, and has 
triggered a rethinking of attitudes in society. These 
social movements are often national or even global (e.g., 
#BlackLivesMatter), and while they are usually of a 
long-term nature, there are also social protest cycles 
characterized by short periods of intense protest activity, 
which revive awareness of the movement and its 
importance to society, often triggered by events [2]. 
Generally speaking, media attention plays an important 
role for fundraising campaigns, influencing donor 
behavior and thus the likelihood of successful 
fundraising [3]. While a surge in donations to causes 
related to social movements or to controversial issues is 
nothing unusual, what is striking about them is that 
media interest around the world rises and falls just as 
quickly [2]. It remains unclear, however, how long such 
increases in donations last, or what types of fundraising 
campaigns actually benefit in its wake. Charitable 
crowdfunding platforms such as GoFundMe are known 
in particular for enabling private individuals to raise 
funds for personal matters. In practice, however, it can 
be observed that societal concerns are also cited as the 
underlying concern of some campaigns. As both 
campaigns with personal and with societal concerns can 
be launched on crowdfunding platforms, and a 
distinction between such campaigns is not directly 
possible, it remains unclear whether both types are 
equally affected by increases in donations triggered by 
social movements or similar protest actions that are in 
the spotlight of media. 
Given the popularity of charitable crowdfunding 
platforms and the evolution of fundraising in the context 
of socially controversial issues profiled in the media, our 
research aims to shed light on the heterogeneous effects 
of media attention on social movements, and of 
underlying social protest cycles on donations in 
charitable crowdfunding markets. Research on such 
platforms will help reveal donation patterns for 
campaigns linked to social movements highlighted in 
the media, aiming to make developments in donation 
behaviors more transparent and measurable. Hence, we 
formulate two research questions: 
RQ1: How does media attention for a social 
movement affect the donation behavior for 
crowdfunding campaigns related to that movement? 
RQ2: Are there any systematic differences in the 
donation behavior for crowdfunding campaigns with a 
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The death of George Floyd on May 25th 2020 
sparked a wave of protests worldwide and triggered a 
social protest cycle for the Black Lives Matter (BLM) 
movement. This movement also reached GoFundMe, 
inspiring a number of campaigns, including its most 
successful fundraising campaign ever, the "Official 
George Floyd Memorial Fund", with donations reaching 
nearly $15 million within one week [4].  
Our paper focuses on the social movement of BLM 
and the social protest cycle around the death of George 
Floyd. Analyzing a dataset from the charitable 
crowdfunding platform GoFundMe, we examine how 
the events surrounding the death of George Floyd and 
the corresponding media attention have influenced the 
number of donations for campaigns associated with the 
interests of the black community in subsequent months. 
By applying a difference-in-difference (DID) estimation 
strategy, we find that crowdfunding campaigns related 
to the black community are positively influenced by the 
BLM movement and the media attention it received over 
a period of at least ten months. In addition, we find that 
this positive effect is highly heterogeneous among 
campaigns, as campaigns with a societal goal 
experienced an increase in donations for ten months, 
whereas campaigns with a personal goal only saw a 
sharp increase in donations in the three months after 
George Floyd’s death.  
There is a growing number of literature that 
identifies differences among certain recipient groups in 
crowdfunding e.g., among different genders [5] or 
minorities [6]. The observed differences emphasize the 
relevance of our research, as we also deal with 
heterogeneous effects that a social movement has on 
different campaigns with different recipients. This paper 
makes several contributions. First, our findings 
contribute to the research stream on charitable 
crowdfunding campaign donation behavior, with our 
distinction between societal and personal campaigns 
providing a new perspective on the analysis of 
charitable crowdfunding. To the best of our knowledge, 
we are the first to classify fundraising campaigns on 
crowdfunding platforms into personal and societal 
campaigns by employing a natural language processing 
approach. Second, our results make a novel contribution 
to the study of donation behavior on crowdfunding 
platforms, showing the difference in the number of 
donations received by, on the one hand, societal 
campaigns linked to a social movement and, on the 
other, personal campaigns, over the course of a social 
protest cycle. Third, our results provide the first 
important insights into the long-term effects of social 
movements and associated social protest cycles on 
donation behavior on crowdfunding platforms.  
 
2. Related Literature 
The history of research on donation behavior and 
success factors of donation campaigns primarily lies in 
psychology and marketing research [7]. The 
characteristics of web-enabled charitable crowdfunding 
platforms differ from traditional fundraising. As many 
donations on crowdfunding platforms are anonymously, 
the explanation that people donate due to their concern 
for the social image is mitigated [8]. Furthermore, 
reciprocity as a driver of charitable giving is challenged, 
as many donations are made by people who have little 
or no social connection to the fundraiser [9].  
Previous research observed different dynamics in 
the donation behavior on charitable crowdfunding 
platforms. For example, the completion effect posits that 
a donor makes significantly larger, faster and more 
frequent donations when the donation leads to the 
campaign’s completion [10]. Donors also tend to use 
others’ prior donation amounts as a benchmark for their 
own contribution, meaning they align with the donated 
amounts of previous donations i.e., anchoring effect 
[11]. Comparing the donation behavior to organizations 
and to individuals, donations to organizations seem to 
be primarily influenced by outcome-related factors (i.e., 
campaign target amounts and the likelihood of meeting 
the target), while donations to individuals are primarily 
influenced by interaction-related factors i.e., the 
interaction between the fundraiser and the donors [12]. 
The character of the campaign text has also been found 
to influence the likelihood of donations for a campaign. 
A campaign with a rational and credible appeal, and a 
positive message, has a positive effect on donations, 
compared with one that makes an emotional, and 
negatively phrased appeal [13]. Our paper adds to this 
stream of literature by considering the donation 
behavior in charitable crowdfunding for a social 
movement accompanied by high (social) media 
attention. 
Social movements usually seek change in relation 
to specific, usually controversial issues. They consist of 
individuals who join forces because of their common 
convictions [14] and collective aim to achieve political, 
cultural and social change, using different resources 
[15]. In the process, social movements are followed by 
media, which in turn brings them to the attention of 
broader society. They usually extend over a long period 
of time, characterized by recurring periods of intense 
unrest and contentious protest activities. These intense 
periods are called social protest cycles and usually 
emerge in response to specific events. They take the 
form of intense protest actions with high levels of 
participation and rapidly spreading momentum. Social 
media (e.g., Twitter) as well as traditional media (e.g., 
television) and their users are increasingly used and 
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integrated in social protest cycles. Through the use of 
hashtags and posts, they have clearly expressed their 
concerns and have gained high visibility worldwide [2].  
Little is known about the donation behavior in 
social movements. In the literature on prosocial lending, 
the reporting of major crises increases all types of 
charitable funding for people who are, directly or 
indirectly, affected by that crisis. For instance, it has 
been observed that lenders are more likely to lend to a 
borrower when she is from a country that has seen a 
natural disaster [16]. Similarly, the ratio of loans for 
borrowers from countries involved in the Arab Spring 
increased exponentially during that period of time, 
compared to other countries [17]. By investigating 
crowdfunding campaigns related to the social protest 
cycle of the BLM movement in 2020, we add another 
perspective to the literature on the effect of a social 
movement on charitable crowdfunding. 
3. Theoretical Background and Derivation 
of Hypotheses 
The BLM movement is an international movement 
that opposes violence against black people. It officially 
started in 2013 and consists of a group of people who 
collectively advocate for the concern of the black 
community and organize regular protests against racism 
using a variety of resources, including fundraising [18]. 
Thus, the BLM movement can be classified as a social 
movement. This social movement has seen recurring 
periods of intense waves of protest and social unrest. 
The latest well-known example is the wave of protests 
that erupted in mid-2020 around the events of the death 
of George Floyd, in which thousands of people 
participated in a variety of ways and which attracted 
high social media attention worldwide. These intense 
waves of protest can be referred to as a social protest 
cycle.  
Given the high level of media attention that social 
movements and social protest cycles receive, as well as 
the fact that media influence the success of fundraising 
campaigns [3, 19], it is reasonable to posit that 
fundraising campaigns whose content aligns with the 
goals of the BLM movement and those of the social 
protest cycle connected to the death of George Floyd 
will benefit from the attention and, hence, help to 
generate donations. From this, we derive our first 
hypothesis: 
H1: Fundraising campaigns that are thematically 
aligned with the goals of a social movement, and 
supported by an active social protest cycle, benefit from 
the media publicity in the short term, in terms of high 
numbers of donations. 
We are interested in analyzing the donation 
behavior for campaigns on charitable crowdfunding 
platforms with different characteristics as a result of a 
social protest cycle. Consequently, it is important to 
consider different motivations for donating. The 
literature on donation behavior makes a basic distinction 
between donations motivated by impact, where the 
donor wants to make a positive impact by improving 
another person’s life [20], or by moral concerns, where 
the donor seeks to maintain a positive moral self-
concept [21, 22]. In the latter case, people ‘offer 
assistance primarily to reaffirm a self-image as a caring, 
helpful individual’ [23]. 
Based on construal-level theory, we argue that the 
abstraction levels of personal and societal goals differ 
fundamentally [24]. The construal level theory 
describes the connection between psychological 
distance and mental construal. It assumes that every 
person is in the here and now and that objects that 
deviate from this state (e.g., in time, space, social 
distance, or even hypothetically) are perceived with 
more mental abstraction. Overcoming the self in the 
here and now requires mental construal, and the farther 
removed an object (i.e., the cause of a crowdfunding 
campaign) is from direct experience, the higher (more 
abstract) the level of construal of that object [24]. A 
donation to a campaign pursuing a personal goal is less 
abstract than to one pursuing a societal goal. Previous 
research suggests that a morally expansive person tends 
to show a stronger interest in the needs and welfare of a 
larger set of social groups than of a narrow set of in-
groups [25, 26]. We argue that campaigns that are 
focused more on personal goals are more likely to be 
supported by impact-motivated donors, whereas 
campaigns with more of a societal concern focus (e.g., 
racial discrimination, or climate change) are more likely 
to be supported by altruistic people, who consider such 
issues as moral issues for which they feel an obligation 
to do the ‘right thing’, including to make ‘sacrifices’ 
through their donation [27]. Given that social 
movements and their respective social protest cycle 
pursue rather abstract, societal issues, we argue that a 
social protest cycle will particularly stimulate morally-
oriented donations from people with a more abstract 
mindset. Hence, the corresponding abstraction levels 
regarding the campaign goal (i.e., societal) and a 
donor’s mindset (i.e., moral) have a positive effect on 
donations. This is supported by research findings from 
psychology, which state that people with an abstract 
mindset are more likely to behave according to their 
abstract value priorities compared to people who have a 
concrete mindset [28]. This leads to our second 
hypothesis: 
H2: In the long term, fundraising campaigns that 
pursue a societal goal receive a higher number of 
donations from a social protest cycle than fundraising 
campaigns that pursue a personal goal. 
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4. Empirical Analysis 
In order to empirically test our hypothesis, we 
examine the effect of the BLM movement after the death 
of George Floyd on donation behavior for different 
charitable crowdfunding projects.  
4.1. Data  
We used a customized web-crawler to collect 
donation campaigns that were listed over the period 
from December 2019 to February 2021 on 
GoFundMe.com. GoFundMe is one of the largest 
donation-based crowdfunding platforms which has 
helped to raise more than $9 billion through more than 
120 million individual donations since its launch in 
2010 [1]. Our dataset contains information about 
monthly donations for all campaigns that are based in 
one of the four largest US metropolitan areas, i.e., New 
York City, Los Angeles, Chicago, Dallas, and in the 
largest Canadian metropolitan area, i.e., Toronto. For 
each campaign, we collect the month the campaign was 
launched (𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀_𝐿𝐿𝐿𝐿𝐿𝐿𝑀𝑀𝐿𝐿𝑀𝑀𝐿𝐿𝐿𝐿), dummies for the 
assigned category (e.g., Animals & Pets, Kids & Family, 
dummies for the location of the fundraiser, the funding 
goal (𝐹𝐹𝐿𝐿𝑀𝑀𝐿𝐿𝐹𝐹𝑀𝑀𝐹𝐹_𝐹𝐹𝑀𝑀𝐿𝐿𝐿𝐿), the fund description where 
fundraisers narratively describe the campaign’s cause, 
and the text length of the fund description 
(𝐿𝐿𝐿𝐿𝐷𝐷𝐿𝐿𝐷𝐷_𝐿𝐿𝐿𝐿𝑀𝑀𝐹𝐹𝑀𝑀𝑀𝑀). On a monthly level, we 
additionally obtain information about the donations 
made for each campaign, including the number of 
donations (𝑀𝑀𝐿𝐿𝑀𝑀_𝐿𝐿𝑀𝑀𝑀𝑀𝐿𝐿𝑀𝑀𝐹𝐹𝑀𝑀𝑀𝑀𝐷𝐷, our dependent 
variable), the donation amount (𝐿𝐿𝑀𝑀𝑀𝑀_𝐿𝐿𝑀𝑀𝑀𝑀𝐿𝐿𝑀𝑀𝑀𝑀), a 
percentage score indicating how much of the funding 
goal has already been raised (%_𝐹𝐹𝑀𝑀𝐿𝐿𝐿𝐿_𝐷𝐷𝐿𝐿𝐿𝐿𝐿𝐿𝑀𝑀𝐿𝐿𝐿𝐿), the 
share of donors that have their identity verified on the 
platform (𝐷𝐷𝑀𝑀𝐿𝐿𝐷𝐷𝐿𝐿_𝑉𝑉𝐿𝐿𝐷𝐷𝐹𝐹𝐹𝐹𝐹𝐹𝐿𝐿𝐿𝐿), the share of anonymous 
donations (𝐷𝐷𝑀𝑀𝐿𝐿𝐷𝐷𝐿𝐿_𝐿𝐿𝑀𝑀𝑀𝑀𝑀𝑀𝐴𝐴𝑀𝑀𝑀𝑀𝐿𝐿𝐷𝐷), and a percentage 
score indicating how many donations were submitted 
offline (𝐷𝐷𝑀𝑀𝐿𝐿𝐷𝐷𝐿𝐿_𝑀𝑀𝐹𝐹𝐹𝐹𝐿𝐿𝐹𝐹𝑀𝑀𝐿𝐿). We also retrieve 
information about the number of comments donors have 
posted for each campaign in each month 
(𝑀𝑀𝐿𝐿𝑀𝑀_𝐿𝐿𝑀𝑀𝑀𝑀𝑀𝑀𝐿𝐿𝑀𝑀𝑀𝑀𝐷𝐷), and the number of updates each 
fundraiser has published per month (𝑀𝑀𝐿𝐿𝑀𝑀_𝐿𝐿𝑈𝑈𝐿𝐿𝐿𝐿𝑀𝑀𝐿𝐿𝐷𝐷).  
To identify whether a campaign is associated with 
the interests of the black community, we create a 
dummy variable 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 by using a dictionary approach 
(referred to as D). More specifically, 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 is set to 1 
if the fund description of a campaign contains words 
pertaining to the interests of black people (e.g., “black 
live”, “black communities”, or “people of color”). Our 
self-created dictionary comprises 53 terms and is based 
upon several websites referring to the BLM movement 
(e.g., https://blacklivesmatter.com/). According to this 
measure, 1,842 campaigns in our dataset are associated 
with the interests of the black community. To validate 
our dictionary approach, we draw a random subsample 
of 400 campaigns from our dataset, consisting of 100 
campaigns labelled as associated with the interests of 
the black community (i.e., 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 = 1) and 300 that are 
labelled as 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 = 0. We then asked four research 
assistants to read the corresponding fund descriptions of 
the campaigns and label them as either associated with 
the interests of the black community, or not. Each of the 
assistants independently labelled 200 campaigns and, to 
reduce biases stemming from one coder, we gave the 
same campaign to two assistants. Note that the label of 
our dictionary approach was not visible for them during 
the coding process. We then calculated the interrater 
reliability for each subsample with the labels derived 
from our dictionary. For the first 200 campaigns 
(Sample 1), we find an agreement of 93 % between the 
two coders and the dictionary approach. The remaining 
200 campaigns (Sample 2) resulted in an interrater 
agreement of 91 % between the research assistants and 
our dictionary. The corresponding values of 0.92 for 
Cohen’s Kappa on sample 1 (0.87 on sample 2) and 0.92 
for Krippendorff’s Alpha on sample 1 (0.88 on sample 
2) also indicate substantial agreement between the 
coders and the dictionary [29]. Hence, we conclude that 
our dictionary approach effectively identifies 
campaigns that are associated with the interests of the 
black community. 
Table 1 reports summary statistics which represent 
the monthly averages of our panel dataset. One can see 
that the campaigns posted on the website are highly 
diverse in terms of their funding goal, which is reflected 
in the high standard deviation. Campaigns on 
GoFundMe follow the Keep-It-All model, which means 
that donations are not refunded to donors in case a 
campaign does not reach its campaign goal. Moreover, 
campaigns are not restricted to deadlines or time limits 
and hence, donors can continue to contribute to a 
campaign that has already reached its goal [1]. That is 
why some fundraisers tend to set a comparably low 
funding goal, such that an average campaign on 
GoFundMe raises about 19 times more than their actual 
funding goal. Moreover, as the campaigns posted on the 
crowdfunding platform span a wide range of topics and 
funding goals, the number of donations is highly 
diverse, as is the donation amount for each campaign. In 
total, our panel dataset comprises 69,394 campaigns and 
2,902,258 individual donations. 
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Table 1: Summary Statistics 
4.2. Distinguishing between Campaigns with a 
Personal and a Societal Concern 
In order to examine the heterogeneous impact of 
spikes in media attention on crowdfunding campaigns 
that are associated with a social movement, we need to 
effectively classify the underlying concern of each 
campaign. We assume that the concern of each 
charitable crowdfunding campaign can be categorized 
as either personal or societal. In line with prior literature, 
we define a campaign’s cause as personal if a private 
matter is paramount in the appeal for donations [30]. 
This is the case whenever the fundraiser’s benefit from 
donations exceeds the benefit for society. For example, 
campaigns launched for a personal concern raise funds 
for the wellbeing of family members, for physical 
health, for retirement, for education or for serious 
accidents [30]. In contrast, prior literature defines a 
campaign’s cause to be societal if donations are raised 
to address a societal problem, e.g., for the prevention of 
crime and violence, for research on curing diseases, on 
uncovering the corruption of politicians, or for climate 
change [30].  
Naturally, a key challenge of our study is to 
effectively identify those campaigns that are associated 
with personal or societal concerns. We approach this 
distinction by developing a natural language processing-
based machine learning algorithm. The basic idea of our 
approach is that we use the textual information provided 
by each fundraiser in the campaign’s description to 
classify the campaigns. Usually, the fund description 
incorporates detailed information about what the 
fundraiser intends to spend the raised money on and thus 
enables unique insights into a campaign’s primary 
cause. Our classification method consists of the 
following two steps: (1) collecting labelled data for 
training, and (2) train the machine learning algorithm to 
classify the remaining campaigns which have not yet 
been labelled. 
4.2.1. Labelling the Training Data 
In the first step, we used the previously drawn 
random subsample consisting of 400 campaigns as a 
training set for our algorithm. Once again, we asked four 
research assistants to carefully read and label the fund 
descriptions with respect to the campaign’s underlying 
cause. Each campaign is labelled on a 3-point scale, 
where 1 represents a “societal concern”, 2 refers to a 
“personal concern” and 3 is used for campaigns where 
the coders are not sure which label fits best. We 
instructed the assistants together during an in-person 
coaching session, explaining the previously provided 
definitions of personal and societal concerns, and 
providing five pre-coded campaigns as examples. Each 
campaign was processed independently by two 
assistants, meaning that each assistant labelled 200 
campaigns in total. After the coding task, we eliminated 
all campaigns where the coders completely disagreed 
upon labelling (i.e., one coder labels a campaign’s cause 
as societal whereas the other coder picked personal as a 
label). Moreover, we excluded all campaigns where 
both coders were unsure about the correct classification. 
As a result, the training set for our algorithm consists of 
334 campaigns whose corresponding causes can be 
clearly identified as either personal or societal. 
4.2.2. Training and Classification 
In step two, we pre-processed each fund description 
of our dataset by applying stemming, lemmatizing, 
tokenization, stop word removal, and elimination of 
non-alphabetical characters [31]. Afterwards, we 
vectorized the pre-processed texts using scikit-learn’s 
TFIDF Vectorizer, resulting in a transformation where 
each fund description is represented as a vector of 
words. We then supplement our vector with a 
standardized variable indicating the text’s length. We 
tried out several classification algorithms for the 
labelling task, including Naïve Bayes, Random Forest, 
Support Vector Machine (SVM), and K-Nearest 
Neighbors (KNN). For each algorithm, we additionally 
applied Grid Search to optimize the choice of hyper-
parameters. The training set was split into two parts, 
such that 80% were used to train the classifier and the 
remaining 20% served as our validation set. Assessing 
the performance of the algorithms in terms of accuracy 
and F1-score on the validation set, we conclude that the 
SVM algorithm outperforms the other algorithms. With 
an accuracy of 86.57 % and F1 scores of 0.91 for the 
identification of personal concern (0.73 for the 
identification of societal concerns), the algorithm yields 
the best performance on the validation set. Thus, we 
proceed with our classification procedure by applying 
the SVM algorithm to our whole dataset. As a result, the 
 Mean Std. Dev. 
𝐹𝐹𝐿𝐿𝑀𝑀𝐿𝐿𝐹𝐹𝑀𝑀𝐹𝐹_𝐹𝐹𝑀𝑀𝐿𝐿𝐿𝐿 75,142 4,173,821 
𝐿𝐿𝐿𝐿𝐷𝐷𝐿𝐿𝐷𝐷_𝐿𝐿𝐿𝐿𝑀𝑀𝐹𝐹𝑀𝑀𝑀𝑀 259 259 
𝑀𝑀𝐿𝐿𝑀𝑀_𝐿𝐿𝑀𝑀𝑀𝑀𝐿𝐿𝑀𝑀𝐹𝐹𝑀𝑀𝑀𝑀𝐷𝐷 20 52 
𝐿𝐿𝑀𝑀𝑀𝑀_𝐿𝐿𝑀𝑀𝑀𝑀𝐿𝐿𝑀𝑀𝑀𝑀 1,742 15,042 
%_𝐹𝐹𝑀𝑀𝐿𝐿𝐿𝐿_𝐷𝐷𝐿𝐿𝐿𝐿𝐿𝐿𝑀𝑀𝐿𝐿𝐿𝐿 19 908 
𝐷𝐷𝑀𝑀𝐿𝐿𝐷𝐷𝐿𝐿_𝑉𝑉𝐿𝐿𝐷𝐷𝐹𝐹𝐹𝐹𝐹𝐹𝐿𝐿𝐿𝐿 0.78 0.38 
𝐷𝐷𝑀𝑀𝐿𝐿𝐷𝐷𝐿𝐿_𝐿𝐿𝑀𝑀𝑀𝑀𝑀𝑀𝐴𝐴𝑀𝑀𝑀𝑀𝐿𝐿𝐷𝐷 0.26 0.29 
𝐷𝐷𝑀𝑀𝐿𝐿𝐷𝐷𝐿𝐿_𝑀𝑀𝐹𝐹𝐹𝐹𝐿𝐿𝐹𝐹𝑀𝑀𝐿𝐿 0.03 0.16 
𝑀𝑀𝐿𝐿𝑀𝑀_𝐿𝐿𝑀𝑀𝑀𝑀𝑀𝑀𝐿𝐿𝑀𝑀𝑀𝑀𝐷𝐷 1.15 6.07 
𝑀𝑀𝐿𝐿𝑀𝑀_𝐿𝐿𝑈𝑈𝐿𝐿𝐿𝐿𝑀𝑀𝐿𝐿𝐷𝐷 0.24 0.80 
𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 0.03 0.17 
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algorithm predicts two probabilities for each campaign: 
(1) a probability for the “personal concern”-label and (2) 
a probability for the “societal concern”-label. Note that 
the sum of (1) and (2) is equal to 100%. For example, if 
a campaign is associated with a probability of 60% of 
raising funds for a personal concern, then the probability 
that it raises funds for a societal concern equals 40%. To 
rule out labelling decisions that are based on probability 
values close to the threshold of 50% (e.g., 51% vs. 
49%), we only label campaigns with a probability of 
60% or more for either the “personal concern”-label or 
the “societal concern”-label [32]. Our classification 
procedure results in two binary variables, namely 
𝑈𝑈𝐿𝐿𝐷𝐷𝐷𝐷𝑀𝑀𝑀𝑀𝐿𝐿𝐿𝐿 and 𝐷𝐷𝑀𝑀𝐿𝐿𝐹𝐹𝐿𝐿𝑀𝑀𝐿𝐿𝐿𝐿. In that sense, 𝑈𝑈𝐿𝐿𝐷𝐷𝐷𝐷𝑀𝑀𝑀𝑀𝐿𝐿𝐿𝐿 
is set to 1 if the computed probability of the SVM 
algorithm for the “personal concern”-label is 60% or 
higher, whereas 𝐷𝐷𝑀𝑀𝐿𝐿𝐹𝐹𝐿𝐿𝑀𝑀𝐿𝐿𝐿𝐿 equals 1 if the probability 
for the “societal concern”-label reaches values of 60% 
or higher. In total, our classification algorithm identifies 
58,374 (84.12%) campaigns to be raised for a personal 
concern, 7,585 (10.93%) campaigns on a societal 
concern and 3,434 (4.95%) which are not labelled. 
4.3. Empirical Model 
To empirically test our hypothesis, we estimate a 
DID design with multiple interactions between the 
treatment variable 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 and monthly time dummies 
(see equation (1)). 
 
ln (𝑀𝑀𝐿𝐿𝑀𝑀_𝐿𝐿𝑀𝑀𝑀𝑀𝐿𝐿𝑀𝑀𝐹𝐹𝑀𝑀𝑀𝑀𝐷𝐷𝑖𝑖𝑖𝑖) =  𝛽𝛽0 + ∑ 𝛼𝛼𝑗𝑗 ∙ 𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑖𝑖𝑖𝑖𝑗𝑗 ∗𝑇𝑇𝑗𝑗=1
𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵𝑖𝑖 +  𝛽𝛽1 ∙ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵𝑖𝑖 +  ∑ 𝜃𝜃𝑗𝑗 ∙ 𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑖𝑖𝑖𝑖𝑗𝑗𝑇𝑇𝑗𝑗=1 + 𝛽𝛽2𝛾𝛾𝑖𝑖𝑖𝑖 +
 𝛿𝛿𝑖𝑖 +  𝜀𝜀𝑖𝑖𝑖𝑖  
(1) 
 
In a DID model, the effect of a certain event on a 
dependent variable is measured by comparing a treated 
group, which was confronted with an event, with a 
comparable control group, which was not affected by 
that event, before and after this event happened. Here, 
the dependent variable ln(𝑀𝑀𝐿𝐿𝑀𝑀_𝐿𝐿𝑀𝑀𝑀𝑀𝐿𝐿𝑀𝑀𝐹𝐹𝑀𝑀𝑀𝑀𝐷𝐷𝑖𝑖𝑖𝑖) 
represents the natural logarithm of the number of 
donations of campaign 𝑖𝑖 in month 𝑡𝑡. The death of 
George Floyd on 25th May 2020 represents an 
exogeneous event for campaigns associated with the 
interests of black people, as it triggered huge media 
attention in the following weeks on the topic of racial 
discrimination (see Figure 1). Therefore, the variable 
𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 serves as our treatment variable, resulting in a 
control group which consists of all campaigns related to 
other topics (i.e., 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 = 0). We assess the suitability 
of our control group in our empirical analysis as well as 
in our robustness checks, where we also examine the 
role of the COVID-19 pandemic in our research setting. 
The average treatment effect on the treated (ATT) 
campaigns is captured in the interaction terms of 
𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑖𝑖𝑖𝑖𝑗𝑗 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵𝑖𝑖 after the treatment (𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑖𝑖𝑖𝑖𝑗𝑗 ≥ 
May 2020). To build up a reference point for the 
interpretation of the treatment effect, our model leaves 
out the last month and its respective interaction term 
before the treatment takes place (April 2020). Thus, the 
interaction terms estimate the average differences in 
donations for campaigns associated with the black 
community and campaigns not associated with the black 
community after the death of George Floyd. We also 
incorporate the variables of the interaction separately in 
our specification, where 𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑖𝑖𝑖𝑖𝑗𝑗 represents a single 
month 𝑗𝑗 that equals 1 if 𝑡𝑡 equals 𝑗𝑗. Moreover, 𝛾𝛾𝑖𝑖𝑖𝑖 is a 
vector of time-varying control variables consisting of 
the number of months since the campaign has been 
launched, the current donation amount in month 𝑡𝑡, a 
percentage score of having reached the goal amount in 
month 𝑡𝑡, the proportion of verified-, anonymous-, and 
offline donors, the number of updates, and the number 
of comments. Finally, 𝛿𝛿𝑖𝑖 represents campaign fixed 
effects and 𝜀𝜀𝑖𝑖𝑖𝑖 is a random error term. In order to 
examine the heterogeneous impact of George Floyd’s 
death and its corresponding media attention on 
campaigns raised for different concerns, we estimated 
equation (1) separately for campaigns with a personal 
concern (i.e., 𝑈𝑈𝐿𝐿𝐷𝐷𝐷𝐷𝑀𝑀𝑀𝑀𝐿𝐿𝐿𝐿 = 1) and for campaigns with 
a societal concern (𝐷𝐷𝑀𝑀𝐿𝐿𝐹𝐹𝐿𝐿𝑀𝑀𝐿𝐿𝐿𝐿 = 1) 
As depicted in Figure 1, the public interest on news 
about the BLM movement peaks in the first month after 
George Floyd’s death, which is associated with a high 
media coverage in terms of global news reporting [33], 
social media attention [34], and local protests [35] 
directly after the event. In the following three months 
the media attention quickly declines to a moderate level 
that ranges between 10% and 30% of the interest 
observable in June 2020. In the subsequent months, the 
search trend for the BLM movement almost disappears, 
suggesting low media coverage [34, 35].  
 
 
Note: The values indicate the search interest relative to the highest point in the chart 
for the selected region in the specified period. The value 100 represents the highest 
popularity of this search term. The value 50 means that the term is half as popular 
and the value 0 means that there was not enough data for this term. 
Figure 1: Popularity of the Search Term "Black 
Lives Matter" on Google News Worldwide 
Death of Floyd 
Media Coverage: high medium low 
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4.4. Results 
Table 2 presents our empirical results when 
estimating equation (1) for all campaigns (Model 1), 
only for campaigns with a societal concern (Model 2) 
and only for campaigns with a personal concern (Model 
3). First, we find insignificant coefficients in the pre-
treatment period (December 2019–March 2020) for all 
three models, which indicates that the donation behavior 
for campaigns related to the black community and 
campaigns related to other topics was quite similar 
before the treatment took place. Hence, we find support 
for the common trends assumption [36]. With respect to 
Model 1, we find a massive increase in the number of 
donations for campaigns associated with the black 
community after George Floyd’s death on 25th May 
2020. In June 2020, a month with high media coverage 
for the BLM movement, the number of donations for the 
black community was 164% higher than those submitted 
in April 2020 (our reference month). Afterwards, in the 
months with medium and low media coverage (July 
2020 – February 2021), the coefficients of the 
interaction terms for the number of donors and the 
donation amount stay positive and statistically 
significant up till the end of our observation period 
(February 2021). Hence, our results indicate that George 
Floyd’s death and the associated peak in the media 
attention in June 2020 positively affects donations for 
crowdfunding campaigns for at least ten months. We 
thus find support for Hypothesis 1. In addition, we can 
even observe a long-term increase in the number of 
donations for campaigns associated with a social 
movement after a social protest cycle has increased the 
attention given to it in the media.  
In Model (2) we estimate equation (1) only for 
campaigns that raise funds for a societal concern (i.e., 
𝐷𝐷𝑀𝑀𝐿𝐿𝐹𝐹𝐿𝐿𝑀𝑀𝐿𝐿𝐿𝐿 = 1). Here, we also find a significant 
increase of 182.3% in the number of donations for 
campaigns related to the black community in the month 
with high media coverage (June 2020), compared to the 
number of donations submitted during April 2020. 
Thereafter, the interaction terms in the months July 2020 
– October 2020 remain positive statistically significant 
on a 5% level. This means that, even in times of medium 
and low media coverage for the BLM movement, the 
number of donations for campaigns associated with the 
black community is higher compared to the donations 
made in April 2020. In January 2021 and up until 
February 2021, we again observe a significant increase 
in the number of donations.  
 
 
Table 2: Regression Results 



































𝐿𝐿𝑈𝑈𝐷𝐷_20 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 Omitted 
𝑀𝑀𝐿𝐿𝐴𝐴_20 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







𝐽𝐽𝐿𝐿𝑀𝑀_20 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







𝐽𝐽𝐿𝐿𝐿𝐿_20 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







𝐿𝐿𝐿𝐿𝐹𝐹_20 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







𝐷𝐷𝐿𝐿𝑈𝑈_20 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







𝑀𝑀𝐿𝐿𝑀𝑀_20 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







𝑀𝑀𝑀𝑀𝑉𝑉_20 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







𝐿𝐿𝐿𝐿𝐿𝐿_20 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







𝐽𝐽𝐿𝐿𝑀𝑀_21 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







𝐹𝐹𝐿𝐿𝐵𝐵_21 ∗ 𝐵𝐵𝐿𝐿𝐿𝐿𝐿𝐿𝐵𝐵 







Monthly FE    
Campaign FE    
Campaign 
Controls    
N 144,559 16,628 120,573 
R² 0.701 0.677 0.708 
Note: Robust standard errors are in parentheses. *** p<0.01, ** p<0.05, * p<0.1 
 
Model (3), by contrast, shows the results of our 
regression only for campaigns related to a personal 
concern (i.e., 𝑈𝑈𝐿𝐿𝐷𝐷𝐷𝐷𝑀𝑀𝑀𝑀𝐿𝐿𝐿𝐿 = 1). The estimates reveal an 
increase in the number of donations for campaigns 
related to the black community of 135.6% in June 2020, 
the month with high media coverage. However, as the 
mostly insignificant interaction terms for the following 
months after July 2020 indicate, the number of 
donations quickly fall back to nearly the same level as 
before the treatment in the months with medium or low 
media coverage. Only in January 2021, is an increase in 
the number of donations once again observable. 
However, given that campaigns associated with a 
societal concern experience an increase in the number 
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of donations that is mostly higher in size and lasts for at 
least four months longer (August 2020–October 2020 as 
well as February 2021) in comparison to campaigns for 
a personal cause, we also find support for Hypothesis 2. 
4.5. Robustness Checks 
One might be concerned that our results could be 
biased due to the fact that following the death of George 
Floyd, a large number of campaigns related to the black 
community were launched. Although we control for the 
number of months since a campaign was launched, we 
re-run our regression and restrict our dataset to 
campaigns launched before the treatment took place. 
For this subset, our results remain qualitatively 
unchanged, indicating that higher donations for newly 
launched campaigns after the treatment do not bias our 
results.  
Moreover, we re-ran our regression with alternative 
thresholds for our identification of personal and societal 
campaigns. Instead of a probability threshold of 60% 
used to identify the campaign’s causes, we now employ 
thresholds of 70% and 80%, respectively. Again, this 
did not qualitatively change our results. 
Lastly, one might be concerned that our results 
could be biased due to the COVID-19 pandemic having 
reached the U.S. in March 2020 and thus strongly 
affecting people’s donation behavior. Indeed, our data 
shows that about 15,091 of the campaigns mention 
words like “Covid” or “Corona” in their fund 
descriptions. However, our DID specification is 
designed to rule out COVID-related changes in donation 
behavior as long as the treatment and the control group 
follow the same trends. Based on the insignificant 
interaction terms between March 2020 and our 
treatment variable, we obtain a first indication that the 
donation behavior for campaigns related to the black 
community and for campaigns related to other topics are 
comparable (see Table 2). However, to rule out that 
campaigns related to the black community receive more 
funding because they are much more affected by the 
COVID-19 pandemic in the following months, we re-
run our regression and exclude all campaigns 
mentioning the coronavirus in their fund description. 
For all types of campaigns, the results remain 
qualitatively unchanged. However, for societal 
campaigns, some of the interaction terms for the months 
between August 2020 to February 2021 become 
insignificant. By contrast, for personal campaigns, only 
the coefficients for the interaction terms in June 2020 
and January 2021 reveal significant differences. 
Although some of our results may thus also be 
attributable to the COVID-19 pandemic, the general 
trend of societal campaigns being affected more 
strongly and longer by the BLM movement than 
personal campaigns is observable here, too. 
5. Discussion 
In recent years, the trend to raise money for social 
movements, natural catastrophes and other important 
social events on charitable crowdfunding platforms has 
risen considerably [16, 17]. Such events are often 
accompanied by an enormous, yet temporary, peak in 
media coverage and thus raise awareness of societal 
issues among citizens [2]. Our analysis provides a 
starting point on how such media exposure for a 
particular event affects donation behavior for different 
types of charitable crowdfunding campaigns. It may 
come as little surprise, then, that our results display a 
strong, short-term increase in donations in support of the 
black community after the death of George Floyd. 
Fundraising campaigns that are thematically aligned 
with the goals of a social movement and an active social 
protest cycle can hence benefit from the social protest 
cycle of a social movement. However, our results also 
suggest that the increase in donations following a social 
protest cycle is highly heterogeneous among different 
types of campaigns. We provide evidence that 
campaigns supporting a societal concern benefit longer 
and to a larger extent from the short-term media 
coverage than campaigns supporting a personal 
concern. For societal campaigns, the moment seems to 
have become a movement, as a consistent, long-term 
increase in donations can be observed compared to the 
trend preceding George Floyd's death. In comparison, 
the support for personal campaigns falls back to the pre-
social protest cycle level within three months. Based on 
construal-level theory, we argue that this difference 
arises because social movements such as BLM 
particularly appeal to people with a more pronounced 
moral mindset, or they make people more aware of their 
moral obligation to support such matters. Therefore, 
people may donate more to campaigns connected to the 
social movement which display an abstract, societal 
goal in their fund description. Considering our results as 
part of a bigger picture, we argue that the diversity of 
donors, fundraisers and campaigns induces further 
analysis for different subgroups to examine the 
heterogeneous effects occurring in donation-based 
crowdfunding platforms (e.g., campaigns supporting a 
matter of the black community or campaigns supporting 
a personal or societal matter). We hope that our research 
provides an impetus for further research on 
heterogenous effects in donation-based crowdfunding 
for relevant and specific groups of campaigns, donors or 
fundraisers. Such analyses can and should also aim to 
uncover possible hidden discrimination and inequalities 
and thus actively counteract them. 
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6. Conclusion 
Our results open up important insights into 
donation behavior on crowdfunding platforms for 
platform providers, campaign operators and donors. 
From a practical perspective, our research implies that 
providers of charitable crowdfunding platforms need to 
be aware of the heterogeneous donation behavior that 
arises if a social movement gains media attention. This 
implies that as platform providers currently highlight 
popular and big fundraising campaigns which are often 
associated with a societal goal on their platform [1], they 
may think about highlighting campaigns with a personal 
concern to be related to a social movement on their 
website, such that fundraisers that follow a personal goal 
connected to the movement can also benefit longer from 
an increased donation level. This is especially relevant 
for donation platforms such as GoFundMe, as their 
initial goal is to enable private individuals to make 
donation appeals for private causes [37]. A second 
practical implication of our research is, that our results 
serve as a guide for campaign operators to better assess 
donor behavior after social movements are trending on 
social media. Especially when fundraisers aim to collect 
money for personal concerns that are associated with 
that movement, it is crucial to directly launch the 
crowdfunding campaign after the concern has gained 
attention in media. 
Our analysis is subject to limitations, which at the 
same time offer great opportunities for future research. 
We plan to further enhance our paper by taking the 
following steps. First, we only examined the effect of 
the BLM movement and its respective media attention 
on the number of donations on crowdfunding 
campaigns. An analysis of other social movements (e.g., 
the #MeToo movement) could reveal additional insights 
about donation behavior in crowdfunding markets after 
such movements have gained media attention. In that 
sense, it would also be interesting to not only investigate 
the impact on the number of donations, but also on the 
donation amount for campaigns related to the 
movement. Second, we do not conduct a validation for 
our natural language processing-based approach to 
distinguish between personal and societal campaigns. 
Although we provide evidence that the algorithm 
performs quite well on a pre-coded validation set and 
carefully designed our labelling process as we do not 
label campaigns for which our machine learning 
algorithm predicts similar probabilities for both 
personal and societal concerns, we have not assessed the 
classification performance on the remaining dataset so 
far. Hence, we plan to conduct another manual coding 
on a random subsample of classified campaigns to 
validate the algorithm’s results. Third, our conclusion of 
the results is so far only based on the suggestions made 
by construal-level theory which suggests that donors 
perceive social movement goals as something moral and 
abstract. Therefore, to strengthen the link between this 
theory and our theoretical explanation of our results, we 
plan to examine if social movements are perceived by 
potential donors as something moral and abstract. As 
our analysis relies on observational data, it might add 
value to conduct a survey among crowdfunding donors 
and verify if moral-oriented people prefer to donate to a 
societal cause, while impact-oriented people prefer to 
donate to a personal cause. To complement this, it would 
be useful to examine the comments left by donors on a 
fundraising campaign to which they have donated. Their 
comments could even be used to determine whether they 
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